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Introduction 
The primary purpose of this paper is to explore constituent 
communications that are sent via the popular social media platform, Twitter.  
The popular microblogging site provides a microcosm of political activity as 
Members of Congress have a near universal adoption of the technology. This 
provides constituents and concerned citizens supposed direct access to their 
member of Congress in 140 characters or less. While many have examined how 
Members of Congress have use Twitter (Golbeck et al, 2010), or investigated 
hashtag activism (Roback & Hemphill, 2013), there has been little academic 
study of how constituents are using this platform to communicate to Members of 
Congress. The question remains as to how constituents use Twitter to contact 
Congress. Are they advocating for causes? Making traditional constituent 
requests? Asking policy questions? Participating in third party advocacy 
campaigns? Showing support or opposition? As of now, we know constituents are 
contacting Members of Congress via Twitter but we don’t know what these 
constituents are saying.  
To answer these questions, I conduct an exploratory analysis of what 
people tweet to members of Congress using a three-step approach. After an 
extensive literature review, I defined a set of categories for characterizing tweets 
to members of Congress. Second, I used crowdsourcing to produce a collection of 
tweets hand-labeled using these categories. 
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Finally, I used machine learning to try to automatically predict the 
categories of tweets directed to members of Congress. I produced a novel 
characterization system applicable to other forms of citizen-legislator 
communication. While human coders easily coded most of the tweets, the 
machine learning process did not produce as robust results.   
In a functioning democratic republic, elected officials make decisions that 
reflect the preferences of their constituencies (Miller & Stokes, 1963). 
Unfortunately, this is not always the way American government works. With the 
advent of the World Wide Web, increased broadband accessibility, and rapid 
growth of social media communications platforms, citizens are more able than 
ever to connect with their members of Congress and express their opinions.  
Given the increased transparency and speed the Internet can provide for 
constituent-legislator communications, one could conclude that government is 
becoming more representative as its populace becomes more interconnected 
(Bimber, 1999). However, due to an inundation of constituent contacts, a 
suspicious attitude towards social media, and a high degree of mistrust of 
constituent communications, this is not the case. While several high profile 
politicians and institutions have recognized the importance of social media in 
terms of interacting with their constituency, these are exceptions. 
As communications technology has evolved, methods for constituent 
communications to Members of Congress have evolved. American history is 
littered with examples of letters, meetings in person, telegrams, and phone calls 
from constituents changing policy outcomes. Women’s suffrage in the United 
States was ratified by Tennessee after a young Representative famously received a 
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telegram from his mother urging him to vote for the amendment, changing the 
electorate forever (“TSLA::‘Remember the Ladies!’: Women Struggle for an Equal 
Voice,” 2014).  As new technologies have emerged and become more accessible, 
people have used them to exercise their right to petition the government. 
Moveon.org was born out of a 1998 email campaign to Members of Congress 
from constituents who felt that Congress wasn’t effectively governing if they were 
focused on the Clinton sex scandal (Karpf, 2012). Almost 15 years later, in 2012, 
in direct reaction to the Protect IP Act (PIPA) and Stop Online Piracy Act (SOPA) 
respectively in the House and Senate, citizens, companies and several web giants 
united in action. Together this coalition sent emails, tweets, Facebook posts, and 
phone calls to Congress, acting in conjunction with a daylong web black-out of 
several high -profile websites, including Wikipedia. The combination of these 
efforts effectively stopped the legislation in its tracks. Even if the size of the 
SOPA/PIPA actions were an anomaly (Englin & Hankin, 2012), the technologies 
that effect change in government have advanced significantly in the short history 
of the American republic. 
As the number of ways a citizen has to communicate with their MEMBER 
OF CONGRESS has increased, the number of communications from citizens has 
skyrocketed (Congressional Management Foundation [CMF], 2011b). According 
to a 2007 Zogby poll commissioned by the Congressional Management 
Foundation, 44% of adult Americans had contacted their member of Congress in 
the last 5 years (Goldschmidt & Ocheiter, 2008). Congressional offices have seen 
100%+ increases in the number of communications they receive (CMF, 2011 b). 
However, these statistics only reflect communications tracked; tracking methods 
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vary from office to office. The majority of Congressional offices track only emails, 
phone calls, and letters from confirmed constituents and typically do not track or 
follow messages that come from social media sites (Englin & Hankin, 2012). 
Regardless of this fact, offices do use social media to gauge constituent opinions 
(Congressional Management Foundation, 2011b) without tracking them the way 
they track calls and letters in support of a specific bill. Of the social media 
managers and senior managers who responded to the Congressional 
Management Foundation survey for  #SocialCongress, 64% thought Facebook 
and 42% thought that Twitter were valuable tools for gathering constituent 
information. It should be noted though that these positions (social media 
managers) do not tend to track constituent contacts, but rather manage the social 
media arm of a Congressional office. In contrast, the staff members who do track 
constituent contacts tend to be more dismissive of the data or opinions that can 
be tracked and gathered via social media. While social media managers tend to 
believe email and social media are good for democracy and increased 
communication, others working within Congressional offices tend to believe 
these forms of communication have degraded the discourse between elected 
officials and constituents (Congressional Management Foundation, 2011a). 
The fundamental split in how Congressional staff view messages via social 
media seems to stem from the need to authenticate messages from constituents. 
Members of Congress and the staff members who track communications only 
monitor the communications from confirmed constituents.  People who email 
members through the Congress-wide web form must fill out their address and zip 
code. Once the address and zip code have been verified in district, a constituent 
6 
 
can write a message to their member of Congress. Despite these measures, only 
certain forms of communications garner a high level of trust from Congressional 
staffers including: handwritten letter, telephone call, and in-person visit either 
one on one or at a town-hall meeting (Congressional Management Foundation, 
2011a). In the last nine years, the Congressional Management Foundation has 
found no evidence of constituent fraud via email to Members of Congress. In 
spite of this, Congressional staffers still believe that emails are often forged by 
advocacy campaigns or are sent from out of district, so they are not valued as 
much as other means of communication (Goldschmidt & Ocheiter, 2008). 
Needless to say with the apprehension around email, Congressional staff 
do not trust messages delivered via social media, hence their outright dismissal in 
terms of tracking them. According to a 2012 report, Congressional offices are not 
set up to engage or communicate with constituents through social media 
channels (Englin & Hankin, 2012). This raises the question as to why every 
member of Congress has a Facebook or Twitter account. Congressional staff, at 
this point, tend to view social media as another broadcast channel (Englin & 
Hankin, 2012) as opposed to a conversation.  They tend to think of their audience 
as twofold: the media and constituents that they have failed to reach through 
more traditional methods (Congressional Management Foundation, 2011a). 
According to a 2 month study of Congressional Twitter usage conducted in 2009, 
the Congressional Research Service identified 8 categories that members of 
Congress tend to tweet about as defined by the study: position taking, policy 
statement, media/public relations, district/state, official Congressional action, 
personal, campaign and other (Glassman, & Straus, 2010). In a previous study 
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spanning only two-week period in 2009, the Congressional Research Service 
included a category for replies, which was dropped in subsequent study, one can 
assume to a lack of replies to code (Glassman, & Straus, 2009). 
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Literature Review 
While citizen-legislator communications via social media has not been 
studied in-depth, much academic research has been conducted in the issues 
around this topic. Beyond the impacts of citizen-legislature adoption and how 
Congress is using social media, one must also consider the technology 
relationship and adoption speed of members of Congress as well as the pace at 
which politics happens in this 24-hour news cycle. In order to fully understand 
these issues I will examine: 
  
● The Role and Evolution of Constituent-to-Member of Congress 
Communication 
● Online Technology Adoption in Congress 
● How Congress is Using Twitter in Office 
● Congressional Views of Social Media Contacts 
● Lessons Learned from other Government Agencies on Twitter 
 
The Role and Evolution of Constituent-to-member of Congress 
Communications 
 
The Bill of Rights guarantees United States citizens the right to petition 
the government. In the 230-plus years since this country was founded, the way 
citizens petition the government have evolved with communications technology. 
Traditional methods of contacting members of Congress include writing letters, 
telephoning, faxing, and conducting in-person meetings (Hibbler, 2009). In the 
last 20 years, Internet communications technologies have dramatically changed 
the landscape of contacting Members of Congress.  The first dramatic change 
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happened in the late 1990s with the introduction of email. Throughout the 
2000s, as Congress adopted social media channels for official and campaign 
purposes, constituents began to use them as methods of communication. 
Email is often considered one of the most disruptive technologies to the 
inner workings of Congressional offices (Shogan, 2010). Email technologies 
helped to flatten the cost of contacting a member of Congress. Suddenly, a 
constituent did not need to arrange their day around office hours to make a costly 
long distance telephone call or entrust their communications to the less-than-
timely postal service. Constituents could compose an email on a relevant topic 
and know that a member of Congress would receive it instantly. For those with 
Internet access, the time and cost of contacting a member of Congress was 
suddenly and greatly reduced (Bimber, 1999). The demographics of those using 
email to contact Members of Congress in the late 1990s and those using 
traditional methods differed; those using email tended to be younger and less 
politically engaged (Bimber, 1999).  
While this email revolution was happening and a new demographic began 
reaching out to Members of Congress, political scientists were exploring the 
changing world of citizen-legislator communications. They discovered that, at the 
time, communication medium mattered — but not much. Offices considered 
traditional forms of communication (letters, phone calls, and in-person visits) to 
be slightly more influential than email. However, the patterns and impacts of 
these communications remained the same — regardless of medium (Bimber, 
1999). While offices were receiving emails from their constituents, they were 
unsure about replying. Some offices responded to emails with letters (Fitch and 
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Goldschmidt, 2005, Carter, 1999), while others replicated official stationary as 
their email templates (Mergl, 2012). 
Citizen to government communication is not nearly as well understood as 
other acts of political participation (Bimber, 1999). Almost all research in citizen 
communications to the government focuses on the more traditional means such 
as: letter writing, telephoning, in-person visits, and emails (Cohen, 2006). While 
these activities get grouped together with voting as participation, ways to contact 
Members of Congress have diversified so quickly that it is hard to track 
(Christensen, 2011). 
Regardless of method, citizens do tend to contact Members of Congress in 
moments of high excitement — meaning they care passionately about the subject 
they are communicating about (Coleman, 2005). Given that each communication 
method has a different constraint be it timing, length, or publicness strategies for 
each type of lobbying differ greatly. In fact, strategies for online methods tend to 
feed into a citizens high excitement given that they are instantaneous (Hemphill 
and Roback, 2014). While the strategies for on- and offline communications 
differ, citizens can invest the same time and feel the same passion regardless of 
how they choose to communication with Senators (Christensen, 2011). 
Even before the age of the Internet allowed citizens 24-hour access to their 
member of Congress, communications still happened year-round. Constituents 
did not necessarily abide by the Congressional calendar and contacted their 
member of Congress on their own schedule. Beyond that, the number of 
communications were increasing even before the 24-hour access. Between 1977 
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and 1981 mail numbers alone increased almost 20%. This 20% increase is a result 
of more participation — not any new technologies (Lampkin, 2006). 
In order for a member of Congress to keep his or her seat, they must 
represent their district in a way that keeps the constituent happy (Miller & 
Stokes, 1963). The 1977 Harris Report found that constituents see representation 
as the highest responsibility of a member of Congress. However, seminal research 
has shown that Members of Congress tend to be swayed by two things: his/her 
own policy preferences and perception of what the district wants (Lampkin, 
2006). Members of Congress tend to have imperfect information when it comes 
to what their constituency wants (Miller & Stokes, 1963). While an overwhelming 
majority of staff say they want more information from constituents (Fitch & 
Goldschmidt, 2005), they appear to only want through officially sanctioned 
channels. 
A 2003 Pew Survey found that citizens get far more satisfaction from the 
process of contacting government agencies online rather than in-person, over the 
phone or through postal mail (Cohen, 2006). Even if a citizen does not like the 
content of the reply, they are much more likely to be satisfied with interaction if 
there is a reply. In the mid 1990’s, almost all constituents who made contact with 
Members of Congress received a response, resulting in more satisfied 
constituents and higher approval ratings for ones own member of Congress 
(Lampkin, 2006). However, the response rate declined as the methods of 
communications have changed. Constituents sent more messages along more 
channels than Congressional offices could process. Essentially, as barriers to 
communication fell, staffing levels did not increase accordingly. Most offices 
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routinely do not respond to communications sent via social media. By not 
responding to these inquiries and contacts Members of Congress run the risk of 
being viewed as out of touch, unavailable and unresponsive, leaving constituents 
unsatisfied, unheard, and unhappy. 
Members of Congress do see many benefits from replying to constituent 
contacts — mainly in the form of approval ratings and reelection. Constituent 
satisfaction with a member of Congress interaction is directly tied to approval 
ratings. Citizen approval is not implicitly tied to the response; it is tied to the 
satisfaction with the contact (Hickey, 2010).  This translates almost directly to 
how constituents vote. If they feel a member of Congress has been helpful, they 
are much more likely to favor the incumbent in reelection. Overall, the higher the 
contact rate between Members of Congress and constituents, the higher approval 
rating the member of Congress has. These ratings are linked to representing the 
district well, contact and response rates and availability. It is in a Members of 
Congress best interest to increase constituent satisfaction in every arena 
(Lampkin, 2006). 
Offline methods of contacting Members of Congress present significant 
barriers to constituents. Both telephoning and visiting are restricted to the 
specific times offices are open. This acts as a barrier to some populations to 
contacting the government. If a citizen did not have the flexibility to make phone 
calls or visits during work hours, than before the Internet age they had no means 
other than writing a letter to contact their member of Congress (Cohen, 2006). 
Overall, letter writing is a slower process than the other two offline methods 
(Cohen, 2006). After the 2001 Anthrax attacks on postal mail to Members of 
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Congress, Congress instituted a rigorous off-site screening process. While 
necessary in light of the five deaths caused by the attacks, this screening process 
delays the postal mail to Congress by three weeks  (Fitch & Goldschmidt, 2005). 
With the uncertainty at which Congress may consider a bill, constituents began 
turning to the Internet to communicate with their Members of Congress 
(Goldschmidt & Ocheiter, 2008). 
Citizen participation has been defined as seeking influence on 
governmental policy through voting, working campaigns, donating money and 
direct communications. The mid-to-late 1990s abounded with the prospects of a 
more direct and transparent democracy through the Internet. This techno-
utopian possibility led political scientists to theorize the impacts of a more 
participatory and direct democracy as Internet tools were being rapidly created, 
disseminated and adopted by different demographics (Coleman, 2005). The iron 
triangle of policy making: committees, interest groups, and the executive branch 
could become outdated by means of a more participatory population. 
Theoretically, the more a member of Congress hears from constituents, the more 
likely he or she is represent constituency views adding a point to create an iron 
quadrilateral (Shogan, 2010). 
While email is the most disruptive technology to the workings of a 
Congressional office, to date, social media is poised to take on that distinction 
(Shogan, 2010).  Twitter in particular has two potential impacts on political 
participation: it serves as direct, public channel between Members of Congress 
and constituents, and as an alternate means of mobilization (Kim & Park, 2012). 
While we do know that people are talking about politics online we do not know 
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much more. Some studies have found that people are interacting with each other 
online and discussing issues and policies. Engaging with each other and with 
politicians online can make constituents feel heard (Roback & Hemphill, 2013). 
As the costs, both monetary and time, have fallen the demographics of those who 
communicate with Congress are becoming more representative of the country 
(Hickey, 2010).  
While we do not know specifically what citizens want to achieve with 
communications to Members of Congress via Twitter, it is easy to surmise that 
the goals are similar to other forms of lobbying — exerting some influence over 
the policy process (Hemphill & Roback, 2014). Very few studies have actually 
examined the contents of constituent to member of Congress tweets but the fact 
that the contacts are happening is a good indication that constituents expect 
something to happen (Hemphill & Roback, 2014). We do know that Twitter users 
tend to be younger, urban, and not white and those who get their news from 
Twitter are both younger and highly educated as compared to the general 
populace (Straus, Williams, Shogan, & Glassman, 2014). 
Twitter constrains all tweets to 140 characters, which means constituents 
must limit their messages via this tool (Hemphill & Roback, 2014).  Twitter 
allows users to tag other users by means of the @ symbol. When a user is tagged, 
the message then appears in their feed and while there is no guarantee the 
recipient sees the tweet, it serves as a public record of the tweet. Traditionally, 
Members of Congress placed a high premium on personal, anecdote filled 
communications about policy from constituents, however this is not possible 
using Twitter. These message tend to be short, to the point and often contain a 
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#hashtag or tag an advocacy organization. Despite the brevity of tweets, some 
contain multiple strategies normally employed in more traditional means of 
contacting Members of Congress including thanks, informational, voting threats 
and constituent requests (Hemphill & Roback, 2014).  
Unlike other social media platforms, Twitter does not function as a two-
way channel. Relationships are not bi-directional, and the majority of regular 
users follow far more people than follow them. Public figures, such as Members 
of Congress, tend to have far more followers than people they follow. As a result, 
direct communication between Members of Congress and constituents does not 
happen frequently, even though Twitter allows for it (Kim & Park, 2012). Twitter 
does allow for public conversations, creating a platform for constituents to 
publicly speak with their Members of Congress. In practice this could lead to the 
more open and transparent government political scientists in the promise of the 
Internet in the early 1990s (Hemphill & Roback, 2014). 
Online Technology Adoption in Congress 
Officially, Congress is allowed to use social media, promote it on their 
homepages, host channels, and use accounts for official business (Shogan, 2010). 
As late as 2008, there was still some question as to whether Members of Congress 
were allowed to officially have social media accounts that served as an official 
communication channel. In October, 2008, rules were created that explicitly 
allowed Members of Congress a social media presence (Hibbler, 2009). As long 
as Members of Congress clearly identify their position (Representative, 
Congressperson, etc.) they are allowed to create and maintain an account using 
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official funds and staff. The same rules that are applied to websites are applied to 
social media accounts (Straus & Glassman, 2014).  
Beyond social media, Members of Congress now have all constituent email 
routed through a Congressional webform. The volume of external emails that 
Members of Congress were receiving overwhelmed the capacity of  servers. In 
2010, Members of Congress suspended official email accounts for constituents to 
use and replaced them with a standard webform (Hickey, 2010). This webform is 
supposed to work as a deterrent for spam, non-constituents, and advocacy 
campaigns and thus reduce the contacts a member of Congress was receiving 
(Englin & Hankin, 2012). Despite the switch, webform contacts are usually 
referred to as emails both in professional and academic settings. By the end of the 
first decade of the 2000s the official channels to communicate with Members of 
Congress consisted of in person visits, telephone calls, postal letters, and 
webforms (Hickey, 2010). 
Members of Congress are known for their slow adoption of new 
technologies (Lassen & Brown, 2011). They lagged in both creating individual 
member websites and adopting email as an official channel for communication. 
When they did adopt email in the late 1990s, oftentimes offices used a traditional 
mail format mimicking the look of official stationery in the body of the email 
(Mergel, 2012). Congressional response and adoption of new technologies — in 
this particular case websites and email has been mixed at best. Technology 
adoption does not seem to be driven by a need to interact with constituents 
(Owen, Davis, & Strickler, 1999) but rather diffusion. Members of Congress are 
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more likely to adopt a technology if a member of their delegation, committee or 
party had (Chi & Yang, 2011). 
As Congress is a diverse body made up of more than 500 individual offices, 
some offices were early technology adopters and have highly innovative strategies 
in terms of internet communications tools. However, oftentimes this innovation 
was a result of third party vendor as opposed to innovation driven by the internal 
workings of the office. As social network services evolved, offices began making 
adoption decisions internally. A staff member was capable of making Facebook 
posts and tweets as opposed to creating an entire website. Usage of these social 
networks did not really begin in Congress till the later years of the aughts while 
the general population began using these tools in the early to mid part of the 
decade (Mergel, 2012). 
While Congress might lag behind other institutions and companies in 
social media adoption, compared to other communications technology adoption, 
they quickly made use of social media platforms (Congressional Management 
Foundation, 2011). Twitter adoption was driven by several factors including peer 
adoption. Members of Congress were more likely to use the platform if other 
members of their delegation, committee or party used the tool. However at the 
time of mass adoption, Democrats controlled the House and the Senate. Their 
primary driver appears to be for transparency while Republicans were looking to 
spread their message to more people. Republicans primarily adopted the tool to 
fulfill outreach needs (Chi & Yang, 2010).  
According to the Congressional Management Foundation, Twitter 
adoption in Congress has expanded significantly in the last four years (Mergel, 
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2012). In 2011 less than half of Members of Congress had twitter and they 
produced roughly 100 tweets a day collectively as compared to 2014 where there 
is almost universal adoption and they are producing between 5000-7000 tweets a 
week collectively (Lassen & Brown, 2011). 
How Congress is Using Twitter in Office 
Social media technology has the ability to change the way Members of 
Congress do the two most basic functions of their jobs: represent their 
constituents and create policy (Shogan, 2010).  While Members of Congress 
rarely use Twitter to mobilize the public around specific policy goals (Hemphill, 
Otterbacher, & Shapiro, 2013), members of both parties have used the platform 
to achieve very specific goals (Kim & Park, 2012). Now that Members of Congress 
have near universal adoption of Twitter, it can be more closely examined as a 
form of political communication (Straus, Williams, Shogan, & Glassman, 2014).  
As social networks become more entrenched in our lives it is important to 
understand what role they play to other types of political communications and 
actions (Hemphill, Otterbacher, & Shapiro, 2013). 
Members of Congress see Twitter as a vehicle to reach people not 
traditionally involved in the political process. They see the platform as an 
opportunity to reach new populations with their messages. The majority of 
Congressional tweets are unidirectional and aimed constituents — not at 
Washington insiders (Mergel, 2012). Twitter was primarily adopted to expand 
reach into previously unengaged populations. Essentially, Members of Congress 
want to use Twitter as megaphone for existing messages.  They view Twitter as 
synonymous with other broadcast channels like their website, press releases and 
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blogs (Golbeck, Grimes, & Rogers, 2010). It is not seen as a different type of tool 
— just a different venue (Straus, Glassman, Shogan, & Smelcer, 2013). 
Members of Congress tend to use Twitter as a broadcast channel as 
opposed to an engagement tool (Hemphill, Otterbacher, & Shapiro, 2013, 
Golbeck, Grimes, & Rogers, 2010). A recent study of Congressional tweets reveal 
the majority of tweets were informational and geared at the public (Hemphill, 
Otterbacher, & Shapiro, 2013). Members of Congress rely on the outreach aspects 
of Twitter as compared to the dialog and transparency the platform can provide 
(Golbeck, Grimes, & Rogers, 2010). Essentially, Twitter is not being used as a 
new type of communication — just another broadcast platform for Members of 
Congress to repeat their positions and policies (Golbeck, Grimes, & Rogers, 
2010). 
Congressional Views of Social Media Contacts 
Staffers and Members of Congress alike have said that constituents who 
reach out and personally communicate with Members of Congress have more 
power than a lobbyist. They fail to mention the caveat — the communication 
must come through a channel the member of Congress deems appropriate. If a 
constituent attempts to use social media to reach his or her member of Congress, 
it will likely fall upon deaf ears (Congressional Management Foundation, 2008). 
While most staffers think that email and the Internet have made it easier to get 
involved with the government, they also feel that the quality of communication 
has degraded. In addition, the lack of geocoded social media data on 
communications lead most staffers to assume social media messages originate 
from outside their district — meaning they are not constituent contacts and can 
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therefore be disregarded (Hemphill & Roback, 2014). In general, staffers tend to 
think identical and very similar messages delivered over any medium are forged 
(Fitch & Goldschmidt, 2005). Given the constraints of Twitter, similar and 
identical messages can happen frequently. This is the basis for dismissing social 
media contacts — they fear that they are either forged or faked and do not 
represent actual constituents (Congressional Management Foundation, 2008). 
In addition to authentication issues, some argue that the influx of 
messages make it easier for those in power to dismiss them (Christensen, 2011). 
The overwhelming increase in constituent communications has deafened 
Members of Congress to constituents, as opposed to guiding them. Offices have 
become so inundated that as early as 2005, Senate offices were stating that they 
just ignored certain types of communications (Fitch & Goldschmidt, 2005). 
Almost a decade ago in 2005, a report was released saying 
Congress needs to adapt to new technologies. A decade later, nothing has 
changed. There are fewer official channels in 2014 than there were in 2005. 
Congress has moved backwards in dealing with citizen advocacy. A opposed to 
ignoring mass form letters, Congress is now ignoring giant swaths of 
communication based on medium (Fitch & Goldschmidt, 2005).  
In recent years scholars questioned whether the civic participation 
increase as a result of Internet access has accomplished anything (Christensen, 
2011). However, this measure essentially looks at the end result and not the sheer 
numbers participating. On the surface, it looks like these Internet based 
communications have no impact — the people who are charged with acting on 
them are ignoring them. In essence, the US is not suffering from a participation 
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problem but a representation problem instead.  Congress must adjust to more 
active and participatory constituents given the widespread use of email, texting, 
smartphones and rapid evolution of a hyperconnected populace (Hickey, 2010). 
Lessons Learned from other Government Agencies on Twitter 
Congressional habits need to change to embrace the fuller relationship 
between Members of Congress and constituents that Internet communication 
technologies can enable (Congressional Management Foundation, 2011). 
Government needs to understand social media and the role it plays in order to 
use it effectively. When there is a defined strategy and parameters, social media 
can be an effective tool for engaging with constituents (Landsbergen, 2010). 
Other government agencies, such as NASA, are using Twitter to engage 
followers, have conversations and discuss projects building both support and 
interest among taxpayers (Wigand, 2010). Given the constraints of Twitter, many 
governmental agencies are adopting an ‘informal human voice’ allowing 
audiences to identify with the institution tweeting.  These institutional accounts 
are building relationships with their tweets. While Members of Congress have not 
explicitly adopted Twitter to seek engagement, as other governmental agencies 
are responding it is easy to see that constituents might assume that when they 
speak to a member of Congress using social networks, someone is listening 
(Wigand, 2010). 
Rationale 
While many people have studied how Congress communicates, fewer have 
examined how constituents communicate with Congress. This paper will serve as 
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an exploration into the types of messages sent to Members of Congress using the 
popular microblogging platform Twitter.
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Methods 
I focused my study on tweets sent to United States Senators within a 55-
day period in late 2014 beginning August 10th and ending October 5th. These were 
extracted using a script generated in R that calls the Twitter API. The data 
extracts metadata about the tweet along with the content of the tweet; I focused 
my analysis only on the content of the tweet. I developed a codebook that 
simplifies previously used codes into a scheme that can be coded using only the 
tweet’s content with minimal context. Three researchers, along with multiple 
coders recruited from a crowdsourced coding service, coded the tweets.  
Sampling 
The population I am examined encompassed all tweets sent to United 
States Senators from August 10th, 2014 through October 5th, 2014. Limiting to 
the population of Senators incorporates all of the Twitter of accounts of an 
institution where every citizen has two representatives. This allows comparison 
between what constituents tweet to their individual Senators. Developing 
research on Twitter use in the United States has exclusively focused on all United 
States Senators.  In addition, the Senate and House of Representatives more 
closely resemble each other in the behavior of its members inside (Theriault, 
2011) and outside the chamber (Baker, 2008). This population is a distinct subset 
of those who use Twitter as well as those who contact Members of Congress. This 
population provides a reasonable representation for a broader examination of 
24 
 
constituent communication via Twitter. I believe this to be a complete or near-
complete population of the tweets sent to congressional Twitter accounts. 
Working with John Cluverius, I developed an R programming language 
script (Gentry, n.d.) that pulls Twitter data from the Twitter API. I compiled a list 
of official member of Congress Twitter handle by consulting the Sunlight 
Foundation, checking individual member web pages, and then searching the 
member’s name on Twitter to confirm that the account had been verified and 
listed an official Senate webpage indicated by the url ending in senate.gov. Once I 
had a complete, verified list, I created vectors to guide the script. The script was 
run every Sunday afternoon from August 10th-October 8th to capture the 
previous weeks tweets. I chose this timeframe to encompass the 113th Congress’ 
September session before the 2014 midterm elections. These API calls extracted 
tweets sent to Senate accounts.  
Collection 
The data collection process yielded lists that included the tweet, tweeter, 
recipient, time and date stamp, geolocation, tweet source, and information on 
whether the individual tweet had been favorited, retweeted or replied to. The 
exact data fields that were returned were: 
 
Data Field Description 
text  text of the tweet 
favorited  whether the tweet has been favorited 
favoriteCount  the count of how many times the tweet has been favorited 
replyToSN  the screen name the tweet was addressed to 
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created  the date and timestamp of the tweet 
truncated  whether the tweet exceeded 140 characters 
replyToSID  if the tweet is a reply, the unique id the tweet is replying to 
id  the unique identifier for the tweet 
replyToUID  ID of the user this was in reply to 
statusSource  the method the tweet was sent from 
screenName  the handle of the tweet sender 
retweetCount  the number to times the tweet was retweeted 
isRetweet  whether the tweet was a retweet 
retweeted  whether the tweet was retweeted by others 
longitude  location of where the tweet was sent from (longitude) 
latitude  location of where the tweet was sent from (latitude) 
 
 For the purposes of this project I only focused on the content text of the tweet 
itself as well as the replyToSN.   
Codebook Creation and Gold Standard Data 
The data for this exploration was gathered between August 18th and 
October 1st 2014. Each dataset used for the purposes of this study was created 
from this collection. In order to create the codebook, five different in-person 
coders, including myself, annotated several different random samplings of one 
hundred tweets. I used a combination of inductive and deductive coding to create 
the first sample codebook and sent it to my coders. The codebook evolved after 
each pass by the coders in an attempt to clarify and condense definitions based 
on the results. In each iteration, coders examined several distinct datasets of 100 
tweets. After the completion of each set, Cohen’s Kappa was calculated using the 
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“irr” package in the R statistical programming language assuming biased 
annotators and the coders were debriefed. Once a satisfactory Cohen's Kappa was 
achieved among the coders (78.9%), the entire test/training was released on 
Crowdflower, a service that specializes in Human Intelligence Tasks.  
The finalized codebook (appendix 1) included six categories and 
definitions. Codes included: Good Job, Bad Job, Help, Policy, Question and 
Other. Good job tweets were defined as tweets that express thanks or a job well 
done to members of Congress. They can praise or congratulate the member of 
Congress and voice general support.  Conversely, Bad Job tweets contained 
complaints, abusive or derisive language, or indicated general lack of support. As 
defined in the codebook, Help tweets contained pleas for assistance with 
governmental entities such as the IRS or VA. In addition, Help tweets could also 
request flags, meetings or tours.  Policy tweets were defined as tweets that state 
how a person feels about a policy. These tweets may ask a member of Congress to 
do something (vote/lead/cosponsor) on a specific bill or policy. They also might 
reference a bill number in one of these formats: SRxxx or HRxxx. Question tweets 
were defined broadly as a tweet that asks a member of Congress a question or 
requests an informational response. Any tweet that didn’t fit into one of these 
categories by default became and Other tweet. This category was intended for the 
tweets that couldn’t be classified due to lack of context (such as single link), was 
nonsensical or was in a language other than English. Generally, the annotators 
had a hard time discerning between tweets that could be construed as multiple 
categories. A request to support a specific bill could be either Policy or Question 
(Will you vote for HR123?). There are several permutations of the tweets 
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containing multiple categories that led to some disagreement based on the 
context. As a result, coders were instructed that many tweets might fit multiple 
categories, but to choose the one category they felt fit best. 
Following the initial annotation process, 250 gold standard tweets were 
submitted to Crowdflower along with 3,500 uncoded tweets (~10% of the 
collection) for coding. Coders were presented with a 10 question quiz where they 
had to correctly categorize eight randomized tweets from the gold standard list 
before being allowed to code a larger subset of the dataset. The gold-standard not 
included in the calibration quiz were distributed throughout the coding set to 
serve as hidden quality control for the coders. Each tweet received at least three 
judgements and majority vote was taken. Over 60% of the tweets had 100% 
agreement of judgements. When the crowdsource coded tweets were compared to 
the expertly coded tweets the Cohen’s Kappa between the two was 69.3%. 
 Gold Standard Entire Corpus 
Category Raw Number Percent Raw Number Percent 
Bad Job 12 12% 254 7.25% 
Good Job 3 3% 145 4.13% 
Help 3 3% 33 .94% 
Policy 26 26% 537 15.32% 
Question 40 40% 1930 55.09% 
Other 16 16% 604 17.24% 
  
28 
 
Predictive Analysis 
I examined both the precision and recall of each category of tweets 
produced from the Crowdflower data. To do this, I created a training set for each 
category with every instance labeled either with the category name or ‘no’ if it was 
not part of the category. This allowed me to individually examine the strength of 
each category with a focus on the precision and recall. I used three different 
approaches for each category in Weka. Each approach used the naive Bayes 
algorithm and 10-fold cross validation. I adjusted the feature set for each 
approach testing unigrams (1gram), unigrams and bigrams (12gram), and 
unigrams, bigrams, and trigrams (123gram) as my variables. I also explored the 
features of each set with the highest influence to help evaluate  
 
 1gram 12gram 123gram 
  
 Raw 
number 
P R F-
Measure 
P R F-
Measur
e 
P R F-
Measure 
Bad Job 254 0.237       0.268 .251 0.212       0.331  .258 0.146       0.244 .183 
Good Job 145  0.467       0.290  .357 0.214       0.290    .246 0.096       0.228  .135 
Help 33  1.000       0.152 .263 0.636       0.212 .318 0.350      0.212  .264 
Other 537 0.470       0.626  .537 0.429       0.570 .490 0.422       0.492 .454 
Policy 1930  0.861       0.676  .758 0.873       0.633  .734 .902 .584 .709 
Question 604  0.675       0.791 .729 0.747       0.720 .734 .763 .586 .663 
 
Across all approaches, the majority of the underrepresented categories 
(bad job, good job, and help) tended to do poorly in terms of both precision and
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 recall. This is expected as this sort of analysis does poorly on rare things. 
However is it surprising that the Help category had a perfect precision score with 
1gram and a high score with 12gram given that it is the rarest of all the categories. 
This appears to be as a result of the very low number of predicted Help (5 and 12 
respectively for 1gram and 12gram).  The models also show high precision and 
recall across all approaches for both the Policy and Question category indicating 
strength in both making positive predictions that are correct as well as including 
a higher number of true positives that are correctly predicted as positive. 
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Discussion 
Examination of the features with highest influence on category reveals 
interesting lists. The Question, Good Job and Bad Job categories all have features 
that make sense given the definitions of the categories. While Help, Other, and 
Policy seemingly don’t fit. After examining the corpus of Policy tweets, it appears 
there was a coordinated effort regarding passing legislation. This exposes an 
unanticipated feature in the policy coding, rather than common language around 
advocacy asks rising to the top, the specific language around legislation is. The 
means that the models built to identify policy may not be generalizable 
depending on the time frame and current pending legislation. Over time, they can 
become stale as specific policy requests change.    
 
Bad Job 
1gram 12gram 123gram 
Traitor traitor you_are_a 
Failure my_mother failure 
Idiot shit_<PERIOD> failure_<COMMA> 
Shit of_shit of_shit 
yourself failure of_shit_<PERIOD> 
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Good Job 
1gram 12gram 123gram 
congrats congrats you_for_your 
congratulations congratulations_on thank_you_for 
Thank thanks_for thanks_for_your 
wonderful congratulations <PERIOD>_thanks_for 
Thanks you_for congrats 
 
Help 
1gram 12gram 123gram 
mentality 13_separate us_<PERIOD>_EOL 
shootings 23_people west_<DOUBLEQUOTE> 
separate 2_days west_<DOUBLEQUOTE>
_mentality 
23 <DOUBLEQUOTE>_23 wild_west 
13 <DOUBLEQUOTE>_wild wild_west_<DOUBLEQU
OTE> 
 
Other 
1gram 12gram 123gram 
nation.you american_of american_of 
prchosestatehood be_surprised american_of_our 
http:\/\/t.co\/kykvcus0jk first_puertorican be_surprised 
surprised nation.you first_puertorican 
puertorican nation.you_will first_puertorican_america
n 
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Policy 
1gram 12gram 123gram 
Major major major 
#poker #poker #poker 
consumer consumer consumer 
enforcement enforcement enforcement 
Player enforcement_<COMMA> enforcement_<COMMA> 
 
Question 
1gram 12gram 123gram 
Heard <COMMA>_what <COMMA>_what 
#deadhorse louisiana_<QUESTIONMA
RK> 
louisiana_<QUESTIONMA
RK> 
<QUESTIONMARK> think_#deadhorse in_louisiana_<QUESTION
MARK> 
evacuation #deadhorse_is about_the_explosion 
prepare got_the <COMMA>_what_happen
ed 
 
I also performed an error analysis on each category at the 1-gram level. I 
chose to analyze these tweets as the 1gram precision and recall scores were the 
highest of every test. I notice interesting patterns and anomalies in help, good job 
and bad job categories. Interestingly, 5% of the bad jobs contained the phrase 
‘thank’. After reading through these tweets it became apparent some were 
genuine such as: 
 
33 
 
@SenatorDurbin I wanted to send a HUGE thank you to Julian 
Miller and your Chief of Staff, Pat, for making our vaca 
perfect!! Cont.. 
 
While others were sarcastically thanking their senators such as: 
 
@GrahamBlog Do us all a huge favor and stop considering a 
White House run. Just stop. Thanks. 
 
And yet a third group were thanking senators for addressing inefficiencies or 
other issues with a 3rd party such as:  
 
@TomCoburn thank you sir for pointing out more govt waste! 
While the word ‘thank’ is most heavily correlated with the good job category, 
given the context of some of these tweets it is easy to spot the confusion. Both the 
sarcastic thanks and the 3rd party thanks contain language that can confuse a 
classifier. Text mining applications have issues identifying sarcasm as the words 
and the meaning are divergent. 
The confusion with sarcasm and 3rd party also spills over into the good job 
category. While the majority of tweets with the word ‘thank’ are correctly 
predicted, there are several false negatives such as:  
 
@SenatorBurr Senator, thank you please give a thought to 
the Russian journalists abducted and murdered in "Ukraine" 
 
@SenOrrinHatch Thanks for exposing Sec Duncan breaking laws 
-  http://t.co/4xVBMsCAYw via @shareaholic 
 
Both of these tweets contain other words that are impacting the categorization 
such as exposing, murdered, breaking. These words are not highly correlated with 
the good job category. While the sentiment here is good job and humans were 
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able to recognize this, there was too much conflicting context for the algorithm to 
correctly identify the category. 
  The help category was the most underrepresented category of the entire 
corpus with only 33 tweets identified -- or about 1%. This posed a problem as the 
sample size was so small, it made it more difficult to identify what was help and 
what wasn’t based on the available data. All 8 of the correctly predicted tweets 
were repeats, none were unique. In fact the only false positives are 3 more of the 
identical tweets. As the classification system was created and humans convey 
more than one sentiment in a statement, some tweets were coded as one category 
when several were applicable. Since there were multiple coders, this explains how 
some tweets were coded one way when the identical tweet was coded another. 
The classifier however, examined the corpus as a whole so it makes sense that it 
would predict identical tweets to be members of the same category. The more 
often a particular word appears in a particular category, it is more heavily 
indicative of being part of that category. In addition to the small number of help 
tweets, the repeats skewed the sample.  
Repeated tweets identified as help: 
 
@SenJohnBarrasso "23 people shot in 2 days in 13 separate 
shootings" We have a "wild west" mentality in America, 
Senator. Please help us. 
 
@SenatorMenendez Hope you had a NICE, LONG vacation while 
the LTU #'s continued to climb &amp; we starved!  WE STILL 
NEED HELP!  #renewui 
 
In summary, there are several issues that impact the classifier when 
attempting to categorize these tweets. Human annotators can recognize language 
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usage in a way a text-mining program cannot. Some topics are not generalizable 
across time. While certain words are often used in online advocacy, the language 
of specific bills often obscured it. As a result, the policy category will become stale 
after advocacy campaigns end. Sentiment towards elected officials is also difficult 
to determine because sarcasm is often used and people often refer to third parties 
in their messages. Both of these examples confused the classifier by introducing 
positive words into the Bad Job category and negative words into the Good Job 
category. Duplicate tweets, often the result of an advocacy campaign, can also 
mislead the classifier. The repetition weights each word more heavily towards the 
assigned category. As a result, that term becomes indicative of the category and 
automatically tags tweets containing those words as belonging to the category.  In 
these cases, machine-learning processes muddled the conclusions rather than 
clarifying them. 
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Conclusion 
 
 I used several approaches in this exploratory analysis of citizen-legislator 
communications on Twitter. I first developed a novel set of categories to 
characterize tweets sent to members of Congress through an inductive and 
deductive processes comparing results across different researchers using Cohen’s 
Kappa. Once I finalized these categories, I used crowdsourcing to produce 
approximately 3500 coded tweets according to my characterization system. Then, 
using these hand-labeled tweets, I developed and evaluate several different 
machine-learning models for predicting each category in tweets directed to 
MOCs. This exploratory analysis is just the first step in examining how 
constituents use Twitter to talk to members of Congress. 
Citizen-legislator communication is a constantly evolving topic as new 
ways of communicating evolve. This exploratory analysis of how citizens are 
using Twitter to talk to Members of Congress is a first step answering the 
questions surrounding this topic. I developed a novel characterization of tweets 
used in citizen to legislator communication via Twitter. Tweets are inherently 
short messages designed to communicate small bits of information effectively. As 
a result, a simple classification system based on positive and negative affect, 
inquisition, topicality, and requests for assistance breaks down citizen 
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communication into basic categories that citizens, organized interests, legislative 
staff, and member of Congress can easily understand.  
This design was developed with the help of expert and non-expert human 
coders. Once simplified, both expert and non-expert human coders found the 
characterization system easy to use.  I provided the definitions of the codes as 
well as examples. Not only did the classification system perform well with expert 
coders, but non-expert coders were also able to agree a significant amount of time 
based on the provided information. This suggests that everyday citizens can 
identify types of political messages well, even when those messages appear 
muddled and short. 
Performance across categories varied. All the underrepresented categories 
(Help, Good Job, and Bad Job) generally performed poorly across each variation 
according to the f-measure. For the most part, annotators could agree on what 
Good Job and Bad Job tweet were composed of, so the low scores are a result of 
the low numbers in relation to the rest of the corpus. On the other hand, 
annotators did have some trouble identifying Help tweets. This category could be 
confusing if the coder was not aware of the different sort of services members of 
Congress provided. Overall, the expert coders were far more adept at identifying 
these tweets than the crowd-sourced coders.  The low numbers of Help tweets 
also contributed to its poor performance. Both Policy and Question performed 
well. Both were a result of high coder agreement and sheer number of tweets. 
Policy was the most well represented category and had a high level of annotator 
agreement. The Question tweets were not as well represented, but as they 
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represent a common part of speech (as opposed to the other categories) all of the 
annotators were adept at identifying what a question was. 
The predictive models show the difficulty classifiers have when messages 
mix sarcasm and straightforwardness with positive and negative sentiment to 
convey tone. The results of this classification suggest that common language 
around policy is difficult. Political elites and policy analysts share some language, 
but this language has not necessarily filtered down to the general populace. If 
anything, hashtag behavior incentivizes unique language and rhetoric, which may 
make it difficult to determine what makes a tweet about policy issues without 
knowing what specific policy conflicts are playing out at that particular time. In 
turn, this will encourage random behavior by issue-specific concerned citizens, 
rather than a regular dialogue with a specific constituency.  
Classifying tweets based on singular topics presents a problem as most 
tweets can have multiple sentiments. A tweet requesting help is by definition a 
question -- but would also be appropriately labeled as help. Future study might 
want to examine this data with multiple topics or a percentage model for a tweet. 
Using that level of granularity might reveal more nuanced ways constituents are 
communicating with Members of Congress. In order to make the policy category 
more generalizable, further studies might want to gather tweets from random 
intervals throughout time as opposed to a consecutive set of tweets. This method 
of collecting tweets might help to filter out some policy specific language and 
instead reveal more advocacy specific language. Developing that set of features 
would help in creating a stable classifying algorithm that could help parse how 
constituents are using Twitter to talk to their member of Congress
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Appendix 1 
Code Book and Definitions 
Code Definition 
Bad Job 
A complaint, expresses displeasure with the member of 
Congress 
Good Job 
Expresses thanks or a job well done to member of Congress. 
Can be for a vote or leadership 
Help! 
Asking for help specifically with governmental services such as 
the VA, or FEMA or requests for tours or flags 
Policy Statement 
Person states how they feel about a policy with no request for 
action. May ask a member of Congress to do something 
(vote/lead/cosponsor) on a specific bill or policy. Might 
reference a bill number in one of these formats: SRxxx or 
HRxxx 
 
Question Asking a member of Congress a question 
Other All other 
 
Sample Tweets for Each Code 
Code Tweet 
Bad Job 
@SenatorCardin U r an absolutely gutless terrorist butt kissing 
moron!!!!!!! 
Good Job 
@MarkeyMemo Thank you for co-sponsoring @RepEdRoyce's 
Nuclear Iran Prevention Act #HR850 (via #PJNET 
http://t.co/bhbMAOjQXu) 
Help! 
@JeffFlake VA killed my husband. keep denying me dic, agent 
orange benefits. no income being evicted nowhere to go. Help? 
Policy Statement 
@SenatorBarb @SenatorCardin I'm a constituent: pls support 
S934 2 make #breastfeeding work 4 ALL moms 
http://t.co/H2CGGn8dET #SWMA #NBM14 
Question @SenatorCardin @SenatorBarb @ChrisVanHollen Do you 
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support a domestic ban on chemical weapons such as tear gas? 
Other 
@SenDanCoats Now many countries will have a very hard 
time! http://t.co/EbLCvTcPGP via @Eindtijdnieuws Extreme 
weather and volcanic eruption 
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